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Prices of Raw-wood Assortments in Selected Markets of
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The aim of the paper is to evaluate the price development of timber
assortments in selected countries in Central Europe, to compare the
prices and identify the factors influencing the prices, and to quantify the
extent of their impact on the prices. A further aim is to predict the price
development based on comparing various models for predicting time
series of prices. The analyses of the price development was carried out
for the assortments of spruce, fir, and beech sawlogs in Slovakia, Czech
Republic, and selected Austrian provinces. The analyzed period covered
the years from 2001 to 2017 per individual months. Following the
selected factors, the study was focused on the timber price development,
and subsequently the prediction up to the end of 2019 was calculated.
The most significant factor having a negative impact on the price
development was the global economic crisis. Following all the prediction
methods, the next two years can expect an increase in the prices of
sawlogs, except the beech sawlogs in Austria. Analysis of the price
developments in the selected countries confirmed that all global factors
reflected the price level trends approximately equally in all countries.
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INTRODUCTION

Strategic decision making and planning in the forestry management is based on
the expected results, as well as on a certain extent of risk or uncertainty (Leskinen and
Kangas 2001). Timber prices, as the main medium of the realizable value, belong, in the
long term, to the most important variables influencing the optimization of forestry
management. They are, however, influenced by various factors, which need to be
identified and quantified if possible. These factors and their influence result in a certain
extent of risk or uncertainty in managing the forest land, arising from a huge variability
of forest ecosystems and natural conditions and global climate change (Holécy and
Hanewinkel 2006; Brunette and Couture 2013; Hanewinkel et al. 2013; Brunette et al.
2015; Johnston and Withey 2017). Predicting the extent of these factors and their effect is
possible only by following the information on their previous development and using a
mathematical model based on such development.
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Information on the timber price development represents valuable knowledge for
strategic marketing planning in forestry management and the wood-processing industry.
(Suchomel et al. 2012). Besides the economic and social factors, natural and ecological
conditions, which can influence the volume of timber and its quality, are also important
for determining the price (Mutanen and Toppinen 2007; Malinen et al. 2015; Merganic et
al. 2016). The essential factors significantly influencing the timber prices in the long term
are the same in most countries. Incidents such as windthrows, earthquakes, or global
economic crises are almost impossible to predict. In some cases, it can be said that such
incidents are likely to occur more often than in the past. Several authors (Holécy and
Hanewinkel 2006; Hanewinkel et al. 2013; Kouba 2013; Kostadinov et al. 2014; Brunette
et al. 2015; Gejdos and Potkany 2017) focus on estimating the extent of risk caused
mainly by natural factors via analyzing the development of incidental fellings in selected
areas. Following the models based on the past development and modified with the
estimated risk extent, it is possible to predict the development of such factors (Holécy
and Hanewinkel 2006; Brunette et al. 2015; Gejdos and Potkany 2017). The prices in
individual states are naturally influenced also by the wood species composition of forests,
costs of services associated with the forestry production, the structure of subsequent
wood-processing industry, and the quality of produced assortments.

Many studies deal with predicting the development of prices in the market. An
overview of basic procedures and methods are discussed e.g. in (Elliot and Timmermann
2013) and prices of commodities are dealt with separately. The following sources focus
on the agriculture sector (Bailey and Chan 1993; Fama and French 2016; Kirchner et al.
2016). When making predictions in the forestry management, it is important to consider
certain specifics associated with the nature of production and long production cycle. Most
prediction models known so far are based on the statistical stochastic models, which can
be combined with estimates made by experts from the respective field (forestry, wood
processing). They mainly use the procedures and principles of econometric modeling
(Forboseh et al. 1996; Gong 1999). Existing studies have already dealt with predicting
the timber prices in various alternatives for forest managements and cost optimization
(Pukkala and Kangas 1996; Leskinen and Kangas 1998; Leskinen and Kangas 2001).
Comparison of the prices in individual countries is complicated due to various quality
requirements of sawlog quality classes, as well as quoting the prices on various trade
parities (Malinen and Kilpeldinen 2013). Prices are very often different depending on the
thickness of the specific assortment in the quality class. An exact comparison of prices of
individual assortments in various countries is therefore not possible. The most important
assortment classes (sawlogs, pulpwood, fuelwood) differ from each other only minimally
regarding the quality requirements, and therefore their comparison can provide valuable
and reliable information for strategic planning.

The pressure on the renewable resources is increasing due to the growth of world
population in the past decades (Timah et al. 2008). The next few years will hardly see a
decrease in these statistics. In the future, a huge potential for the economic contribution to
the forestry management will be represented by the timber sale, its energy potential, as
well as by the carbon sequestration provided by the forest stands and paying for priced
non-production forest functions (mainly the function of securing the water sources)
(Buma and Livneh 2015; Kozuch and Adamowicz 2016; Vettorazzi and Valente 2016;
De Vries et al. 2017; Vass 2017; Quintero-Mendez and Jerez-Rico 2017).

The aim of the paper is to evaluate the development of raw wood assortment
prices in the selected countries of Central Europe, compare them, and subsequently
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identify the factors influencing the prices. A further goal is to predict the price
development based on comparing various models for predicting time series of prices.
Subsequently, the results will provide a background for business predictions for the
timber market in order to create scenarios for future management in forests taking into
account the forest sustainability. Revenues from the timber sale will compose the main
part of financing the forestry entities in the future. Since all individual timber markets in
Europe are interconnected, monitoring the markets and price development is important
due to several reasons. Analysis of the price development regarding the changing
conditions in forest management in the context of global climate change will comprise an
inevitable component of understanding the current frontier of forest economics.

EXPERIMENTAL

Materials and Methods

The analysis of the price development was carried out for the assortments of
spruce, fir, and beech sawlogs in Slovakia, Czech Republic and selected Austrian
provinces (Burgenland, Low Austria, Eastern Styria, Salzburg). The assortment of the
sawlogs was selected for the analysis due to its position in individual assortments supply
structure (the second most common assortment after pulpwood and industrial wood), as
well as due to the fact that it can be placed and sold relatively well in local markets.
Pricing of this assortment is further influenced by the price development of assortments
in lower quality classes (e.g. fuelwood and energy wood). The analysis was focused on
individual months (monthly) in the period of 2001 to 2017 according to nominal prices of
wood. The price data were obtained from the magazine Holzkurier (Austria) (2017), the
Czech Statistical Office (Czech Republic) (2017), and the Forestry Market Information
System (Slovakia) (2017). Methods of analysis, synthesis, and comparison were used for
evaluating the time series of assortment prices. The impact of inflation on the price
development was disregarded intentionally in order to point out the influence of the
specific time period. Since inflation is influenced by many factors, which are not
associated with the trade of raw wood assortments, it would distort the impact of the
specific period on the prices. Therefore, the inflation was not taken into account when
calculating the prices. Slovak prices prior to 2009 were converted from the Slovak
Crowns to Euro using the average monthly exchange rates according to the currency
tables of the Narodna banka Slovenska (Slovak national bank) (2017). Prices of wood in
the Czech Republic were converted to Euro using the average monthly exchange rates
according to the currency tables of the Czech National Bank (2017). All prices are listed
without VAT. The prices in the Czech Republic and Slovakia are at the trade parity Free
Carrier (FCA) according to Incoterms (2010), and the prices in Austria are at the parity
free forest road (forest storage of wood). Database of price development created this way
represents a unified solution that cannot be found in any literature sources dealing with
this field.

For the sake of modelling the future development of prices of selected
assortments, it was inevitable to identify the factors affecting the timber market.
Following the ex-post analysis results, the subsequent factors were selected: incidental
fellings (resulting from global climate change); global economic crisis (as an impact of
the macroeconomic environment); and specific impacts of the market environment in the
EU, as well as in individual countries (events that can be time identified and affected the
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timber trade directly or indirectly). Subsequently, the price development during one year
affected by the analyzed factors was monitored. The assortment price in the particular
month, when the selected factor occurred, was considered the initial value. Price
development of this assortment in the following 12 months was taken into account as the
arithmetic mean expressed by the percentage deviation from the initial value (Table 3). In
the case of incidental fellings, a decline in the influence of windthrow wood can be
anticipated within one year after the windthrow; regarding other factors, time sequences
corresponding to their occurrence were selected. This experimental procedure was
selected in order to find out whether individual events and factors influenced the timber
prices significantly within one year after their occurrence. A period of 12 months was
chosen due to the possibility of mirroring all impacts of the selected factor on the timber
market (e.g. time passed from the complete removal of incidental felling, closing the
wood processing contracts, filling the stock capacities in wood processing industries).

For the statistical analyses of price development dependencies and the influence
magnitude of individual factors, the software packages STATISTICA 12 and MS Excel
were used. As prediction models for price development, the following methods were
used: linear trend estimation, multivariate exponential smoothing and prediction, and
Box-Jenkins Method: ARIMA statistical model with autocorrelation coefficient, which
are described generally in (Cipra 1986; Leskinen and Kangas 1998; Carmona 2014), for
the conditions in forestry in (Abildtrup et al. 2012). Linear models are often called causal
or factor models due to the presence of explanatory time series. Their use including
various estimation methods being modifications of the basic method of the least square
from linear regression analysis are described in various econometrics books (Cipra 1986;
Hatrak 2007; Baltagi 2011). These works mention the linear model to be a suitable model
for predicting further development of time series in econometrics.

Multivariate exponential smoothing is another method often used for smoothing
and predicting the time series values. This method provides an adaptive approach to the
trend element, which is very often used in practice (Holt 1957; Brown and Mayer 1961).

The autoregressive integrated moving average model ARIMA(1,0,1) model was
used in Nochai and Nochai (2006) and Leskinen and Kangas (1998; 2001). The model for
non-seasonal series is called the autoregressive integrated moving average model,
denoted by ARIMA (p, d, g). Here p indicates the order of the autoregressive part, d
indicates the amount of differencing, and q indicates the order of the moving average
part. If the original series is stationary, d = 0 and the ARIMA models reduce to the
ARMA models. The difference linear operator (A), defined by:

AYt=Yr-Ye1 =Yi- BY: = (1 - B)Y: (1)
The stationary series W; obtained as the dth difference (AY) of Y,

Wi = A% = (1 - B)%Y: (2)
ARIMA (p, d, g) has the general form:

op (B)Wi=u + Oq(B)e 3)
where Y is the response (dependent) variable at time t; @o, @1, @2, -+ - -, @p are the

coefficients to be estimated; & is the error term at time t; and B is the backward linear
operator defined by BY: = Y,—;. Prediction based on the method of multivariate
exponential smoothing was calculated using the general model,
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Forecast; = St . ltp (4)

where St stands for the (simple) exponentially smoothed value of the series at time t, and
lt.p stands for the smoothed seasonal factor at time t minus p (the length of the season).
Thus, compared to simple exponential smoothing, the forecast is "enhanced™ by adding or
multiplying the simple smoothed value by the predicted seasonal component. This
seasonal component is derived analogous to the S; value from simple exponential
smoothing as:

li=lp+ 0. (1-a)xet! St )

Put into words, the predicted seasonal component at time t is computed as the
respective seasonal component in the last seasonal cycle plus a portion of the error (et; the
observed minus the forecast value at time t). Parameter ¢ can assume values between 0
and 1. If the o parameter is equal to 1, then the seasonal component is modified
"maximally” at every step by the respective forecast error. In most cases, when
seasonality is present in the time series, the optimum ¢ parameter will fall somewhere
between 0 and 1. The value entered in the alpha («) box is the constant process smoothing
parameter. The a parameter is necessary for all models. An a parameter equal to 1 means
that each predicted value (forecast) is equal to the respective previous observation. The
closer the a parameter it is to 1, the faster will the weights decrease (and the greater will
be the effect of immediately preceding or "younger" observations). In plots of the series,
small values of a produce smooth fitted lines (forecasts) that only follow major trends or
fluctuations spanning many observations; larger values of a (closer to 1) produce more
jagged lines that are greatly influenced by even minor disturbances in the series.

The predicted period is until 2019. Predicted price values were compared with the
values from the late 2017 and the average difference between those values in % was
calculated (Table 4). For this statistical analysis, the software STATISTICA 12 and MS
Excel were used, as well.

RESULTS

The first part of the results discusses the assessment of the development of spruce,
fir, and beech sawlog prices in Slovakia, Czech Republic, and selected Austrian
provinces.

Development of sawlog prices

Figure 1 illustrates the overview of the prices of spruce and fir sawlogs in
individual quality classes. The prices in the Czech Republic are complemented with the
quality class 111.D, which is, regarding the price, the closest one to the class III.C in
Slovakia. The influence of the crisis and the subsequent boom in the forestry and wood-
processing industry moving into a gradual stagnation in 2017 is apparent. Therefore, it
can be stated that the prices of coniferous sawlogs reached the top at the turn of the years
2014/2015.

Figure 2 shows an overview of the prices of beech sawlogs in individual quality
classes. Austria is a specific country from the viewpoints of the wood species
composition and state subsidies encouraging renewable energy sources. Especially in
Salzburg, this situation is very noticeable; hence the sawlog prices are much higher than
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the prices in the Czech Republic or Slovakia. Another difference in Austria is that the
price development cannot be recorded continually, since the beech sawlogs are traded
solely during the dormancy period (from September to March). For creating a continuous
time series for the periods when the wood assortment was not being sold and bough, the
last know price from the previous month was used.
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Fig. 1. Development of spruce/fir sawlogs in Slovakia, Czech Republic and selected provinces of
Austria for the period 2001 to 2017
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The price development of beech sawlogs mirrors the overall long-term stagnation
in the European market with this assortment. It is caused by the long-term decrease in the
demand for beech lumber. In some countries, local authorities or governments have
introduced programs encouraging the use of beech wood. The wood processing plants
also have introduced modern tomography-based technologies for more efficient and
optimal valuation of these assortments (Stangle et al. 2015). The dynamic development
of the energy sector causes an increase in the prices of beech wood of lower quality
classes. Therefore, it is only a matter of time until the beech sawlog prices will start to
increase gradually. The prices of beech sawlogs reached their maxima in the period prior
to the crisis (in the late 2008).

Table 1. Descriptive Statistics for the Prices of Selected Raw-wood Assortments

Spruce and Standard | Variation
Fir Aver. |Median | Modus | Variance | deviation Coeff. |Skewness | Kurtosis
Burgenland ;
A/BIC. 2b 80.6 80.5 |multiple| 123.6 11.1 13.8 0.1 -1.5
Lower
Austria 86.3 81.0 101.5 166.2 12.9 14.9 0.1 -1.6
A/BIC, 2b
Lower
Austria 87.7 83.8 79.9 160.5 12.7 14.5 0.1 -1.6
A/B/C, 3a
Eastern
Styria 80.3 77.3 67.0 131.3 11.5 14.3 0.2 -1.6
A/B,C, 2b
Czech
republic 66.9 66.4 77.5 173.7 13.2 19.7 -0.1 -1.5
I11.A/B
Czech 59.9 | 627 |multiple| 178.4 13.4 223 03 1.4
republic 111.C
Czech | 450 | 479 | 527 | 1400 | 118 26.3 0.1 1.6
republic 111.D
slovald@ | 6.6 | 69.3 |mutiple| 91.7 9.6 14.4 0.2 17
S'CI’I‘I’aBk'a 575 | 554 | 535 | 223.6 15.0 26.0 0.2 15
S'?I‘I’ack'a 493 | 526 | 61.4 | 109.3 10.5 21.2 0.3 1.3
Beech
Sa'zgf’/‘jlrg Al 1139 | 1100 | 1100 | 2015 14.2 12,5 0.4 0.0
Sa'zgljrg Bl 741 | 725 | 700 31.3 5.6 75 0.8 05
CRILAB | 569 | 583 | 597 60.1 7.7 13.6 0.4 0.4
CRIII.C 49.7 50.6 51.7 34.7 5.9 11.9 -1.2 0.9
CR LD 418 | 441 | 470 51.9 7.2 17.3 1.1 0.2
SR IILA 64.2 66.8 | multiple 72.5 8.5 13.2 -0.3 -1.1
SRIILB 49.1 50.7 54.4 57.0 7.6 15.4 -0.2 -1.4
SR III.C 45.3 46.7 | multiple 235 4.8 10.7 -1.2 0.8
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Basic descriptive statistics of the price development are illustrated in Table 1.
When studying the development of coniferous and non-coniferous sawlog prices, it is
apparent that despite a number of factors influencing the state and regional market, the
prices of these individual assortments correlate in individual states. The level of such
correlation is illustrated by the Pearson correlation coefficient in Table 2. The average
prices of sawlogs were calculated and their level of dependence was assessed statistically.
The prices of coniferous sawlogs correlate strongly in all three countries; only Slovak
prices show slightly lower values of correlation. The reason is the specific market
environment in the Slovak Republic and long-term contracts of the dominant forestry
entity (Lesy SR, §.p. — State Enterprise Forests of the Slovak Republic).

Low level of correlation is shown by the Slovak and Czech prices of beech
sawlogs when compared to the Austrian prices. It is due to the already mentioned
conditions of trade and subsidy policy in Austria. A similar situation is found with the
prices of coniferous sawlogs in the Czech Republic and Slovakia, which also show a
weak correlation (r = 0.579). It is partially caused by different wood species composition
in these countries (Table 2).

Table 2. Correlation Between the Assortment Prices in Selected Countries

Spruce [r]
Austria | Czech Republic | Slovakia
Austria 1.000 0.956 0.860
Czech Republic 0.956 1.000 0.840
Slovakia 0.860 0.840 1.000
Beech [r]
Austria | Czech Republic | Slovakia
Austria 1.000 0.250 -0.013
Czech Republic 0.250 1.000 0.579
Slovakia -0.013 0.579 1.000

Influence of Selected Factors on Timber Prices

Table 3 illustrates the influence of selected factors (identified in time) on the
sawlog price development in Austria, Slovakia, and the Czech Republic. A one-year
period, since the occurrence of the factor, was assessed. The factor represented by the
decrease in oil prices at the turn of 2014 and 2015 was the only exception (assessed
period from November 2014 to May 2015).

Six extensive windthrows, significantly affecting one of the countries in question,
were assessed. Two of these windthrows (Alzbeta and Zofia) affected only Slovakia.
Even if a windthrow affects only one country, it has an impact on the timber market in
the whole region (neighboring countries). Therefore, also in the case of this windthrow,
its impact on prices in other countries was calculated as well. Correlation between the
prices development in selected countries is proven (Table 2). Another factor was assessed
specifically for Slovakia, when in 2010 the state entity Lesy SR, §.p. (managing 50% of
all forests in the country) changed their trade policy and signed individual 10-year
contracts with four companies guaranteeing an exclusive supply of the whole available
volume of the coniferous sawlog assortments for fixed prices.
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Table 3. Impact of the Factors on Sawlog Prices in Austria, the Czech Republic,
and Slovakia

Spruce, Fir Beech
Cause/Windstorm Czech Czech
Slovakia | Republic | Austria | Slovakia | Republic Austria
Alzbeta (19. 11.
2004) -1.8% +10.1% +45% | +56% | +14.4% -4 %
Kyrill (19.1.2007) | +5.8% -2.8 % -1.4% | +103% | +10.1% -0.9%
Klaus (27.1.2009) | -1.3% +18.2% +6.3% | -22% -1.3 0
Xynthia (7.3.2010) |+21.1%| +21.1% |+224% | +57% +3.6 % +6.8%
Zofia (15.5.2014) | - 0.45% -5.4% -39% | -0.3% +2.3% +9.8%
Niklas (3.4.2015) |+ 0.92% -4.4% -66% | +1.6% +2.3% +2.24%
Global crisis (2008-
2009) -84% -214% -155% | -11.3% | -143% -135%
Specific contracts in
Slovakia (1/2010) |+21.1% - - +57% - -
Sanctions against
Russia (111/2014) -0.6% 2.7 % -39% | +0.74% | +3.9% +15%
Drop in oil prices
(2014/15) +4.6% -5.8% -44% | +0.3% +4.9% +9.8%

The largest volume of damaged wood, mainly in coniferous stands, was caused by
the windstorms “Klaus” and “Kyrill”. Nevertheless, they did not lead to a significant
decrease in the sawlog prices in the following year. On the contrary, one year after the
windstorm Kilaus, the prices of coniferous sawlogs increased significantly. This can be
explained by the economic boom and growth in the construction activities in the period
after the crisis. Interesting is the fact that in the aftermath of the windstorm “Kyrill”, the
prices of non-coniferous sawlogs increased. Therefore it can be said that more extensive
windthrows influence the sawlog markets only in a short term, and their negative impacts
decrease during the year. Yet, they significantly influence the quality of the timber supply
after the event. In general, timber from windthrows has lower value than timber obtained
from standard felling. This is also another reason why the negative impact on the prices
of assortments of higher quality classes is not so significant. The most serious decrease
was recorded in the case of coniferous sawlogs after the windthrow ‘“Niklas”.
Nonetheless, from the long term point of view, an indirect impact of the windthrows on
the timber prices in the form of reducing the planned fellings, changing assortment
structure etc. can be anticipated. This simple analysis has also shown that the windthrows
can have different impact on the timber trade depending on the extent of the windthrow
and the period when it occurred. Therefore, it is important to consider other factors
affecting the timber market. The basic statistical analysis of this factor (windthrows),
therefore, would not show significant results.

The global economic crisis can be labeled as the most significant factor that has
influenced the timber prices negatively. At its peak in 2008 and 2009, the prices of the
coniferous and non-coniferous sawlogs dropped by 15% and 13%, respectively, on
average per the three countries. The crisis has thus influenced the entities in the forestry
and wood-processing system (as well as other spheres of economy). The prices of
sawlogs are directly connected with the construction sector. When the crisis strangled the
construction activities, the demand for construction lumber dropped dramatically, having
a direct impact on the decreasing prices of sawlogs. The sanctions against Russia and the
decrease in oil prices in 2014-2015 influenced the prices of only non-coniferous sawlogs
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in Austria significantly. The sanctions influenced mainly the timber import to the
Western European countries and the investments into sawmills of Austrian and German
groups in Russia. It led to a decrease in the prices of mainly coniferous sawlogs being the
main imported assortment from Russia.

The prices of coniferous sawlogs in Slovakia were significantly affected by
signing the 10-year contracts between the entity Lesy SR, §.p. and four selected
companies. It meant that in 2010, the whole available volume of coniferous sawlogs from
one half of Slovak forests was sold to four companies, which led to a 20%-increase in
prices of this assortment in Slovakia being a liquidation for several smaller wood-
processing companies.

The analysis of the price development of selected assortments shows that mainly
the market with beech sawlogs stagnates, and the price fluctuations are rather of seasonal
nature. The economic and financial crisis in 2008 and 2009 was identified as the most
significant factor influencing negatively the prices of timber, having long-term effects. A
strong impact was identified also in the case of incidental fellings caused by windthrows.
Nevertheless, their effects are only of short- or medium-term nature and were eliminated
within one year after the windthrow occurred.

The price development is clearly affected also by the local market environment,
which is influenced by the timber from countries with weaker economy, e.g. Belarus,
Bosnia, and Herzegovina and imported to countries with stable economy (Austria, Italy).
This fact can be affected also by the tariffs and taxes imposed on wood and wood
products in countries which are not the EU members (Nemec et al. 2015).

Prediction of Timber Price Development

Table 4 shows the average results of predicting the price development of spruce,
fir, and beech sawlogs in Austria, Slovakia, and Czech Republic in 2018 and 2019 based
on the price development in 2001-2017. Three methods were used as prediction models.

Table 4. Average Results for Prediction Trend of Spruce, Fir, and Beech
Sawlogs by the End of the Year 2019

Spruce, Fir Sawlogs
Linear model Box-Jenkins Multivariate exponential
Country prediction (ARIMA&autocorrel.coef.) smoothing
Austria +12% +3% +9%
Slovakia +16% +6 % +15%
Czech
Republic +26 % +6 % +15%
Beech Sawlogs

Austria -11% -6% -13%
Slovakia +11% +6% +12%
Czech
Republic +5% +5% +11%

The coefficient of linear trend determination of coniferous sawlogs was the
highest for Slovakia (0.81077) and the lowest for Austria (0.6615). The linear trend was
even less accurate for the non-coniferous sawlogs with the values from 0.32104 for
Austria to 0.6531 for Slovakia. From the viewpoint of accuracy, this prediction method
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can be considered the least accurate one, although it provides some kind of indication for
the future development. This model predicts the highest increase for the spruce sawlogs
in the Czech Republic (Table 4). The issue with the result reliability associated with this
model is mainly caused by a shorter prediction period. The linear model is more suitable
for longer time periods, where such negatives are minimized. However, in the case of
timber prices in the current conditions of global climate change and timber market
turbulences, predictions for longer time periods are not very useful. The residue test of
ARIMA method showed that 90% of all observed prices meet the model predictions.

The nonstationary statistic model ARIMA is generally accepted as a satisfactory
prediction model for processes where the level is changed, and these can be of
unsystematic, accidental character, which is usual for most time series from practice.
Besides random fluctuations, it also stochastically models the trend component (Cipra
1986; Leskinen and Kangas 2001). This model predicts that the price of coniferous
sawlogs should increase by 3 to 6% in all states in the next two years. A similar increase
is predicted for the beech sawlogs, except Austria, where a 6% decrease is anticipated.
This analysis, however, is based on the ex post analysis results. Therefore, the model
does not consider new factors influencing the timber price, such as the impact of
increasing the ration of renewable energy sources in Austria, known for its attitude
towards alternative energy sources.

The last applied model was multivariate exponential smoothing, which, in
contrast to the method of moving averages, is based on all previously observed data.
This method also predicts an increase in the spruce sawlogs price, while this increase
should be the lowest in Austria as in previous results. It also predicts a decrease in the
prices of beech sawlogs of up to 13% in Austria, representing the highest predicted
decrease from all methods used.

Following all prediction methods, an increase in the prices of sawlogs, except the
beech sawlogs in Austria, can be anticipated in the next two years. More efficient
valuation of beech sawlogs has been a long-term problem (Fig. 2). The comparison with
the real price development for the first six months since carrying out the analysis (from
August 2018 to April 2018) has shown that all models systematically overestimate the
model price development. Nevertheless, the model ARIMA was closest to the real values
as it overestimated the prices by 2.5%. The linear model and multivariate exponential
smoothing overestimated the real prices by almost 6%. Therefore, in regards to the
decision making processes in management and carrying out the trade policies, the
prediction model ARIMA is considered to be the most suitable.

DISCUSSION

The present results have established that the prices of coniferous sawlogs in
individual states are correlated. The study by Stimm (2012) investigates the relationship
between sawlog prices and non-sawlog prices for four main tree species, spruce, pine,
beech, and sessile/pedunculate oak, based on data from the Bavarian state forests from
1978 to 2010. Using ordinary least square regressions, as well as maximum likelihood
estimations for the sawlog price (dependent variable) and the non-sawlog price
(independent variable), a significant positive relationship between these time series was
only found for pine. The present results, as illustrated in Figs. 1 and 2, show that the
prices of beech sawlogs do not correlate with the prices of spruce sawlogs. Windthrows
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do not influence the sawlog prices by more than 14% within one year from their
occurrence. The decrease in the oil prices led to a general increase in the prices of beech
sawlogs only. Nevertheless, the oil prices can significantly influence the costs required
for logging and thus also the final timber price (Hartl and Knoke 2014). The authors of
this study predict, considering various scenarios of oil price development, a more radical
price increase until 2020 only for the following categories: assortments of spruce
pulpwood and fuelwood; class 111.C of beech sawlogs; and pulp- and fuelwood. This
prediction is in line with the authors’ results analyzing the decrease in oil prices at the
turn of 2014/2015.

Time series modelling gives background to the information on past timber
development and a framework for modelling the expert knowledge. For modelling the
time series, models with integrated stochastic planning system that enable decision
making in the risk and uncertainty conditions or that apply optimization calculations in
forest management have been used successfully (Kangas et al. 2000). Leskinen and
Kangas (2001) predicted the development of sawlog and pulpwood prices of spruce, pine,
and birch until 2020 following the ARIMA model and questionnaire survey of forest
owners and wood processors in Finland. Using the statistical model they predicted a 2%
price increase of spruce sawlogs in Finland (in combination with the questionnaire the
increase was of 2.7%). This model was based on the price development until the year
1950. The present similar prediction model predicts a 3% price increase of this
assortment in Austria and a 6% increase in the Czech Republic and Slovakia. However,
the present model also considers the current more turbulent market development of the
last decade. From the viewpoint of the real development, this model can be labelled as
real or slightly underestimating. In the study of Kostadinov et al. (2014), the authors
simulated the development of sawlog prices in Switzerland for years 2018-19 based on
their own model in four development scenarios. All four scenarios predict an increase in
monthly timber prices in that period of 2.5 to 20%. This model also considered the social
criteria and preferences of the individual entities in the sector. Our statistical prediction
models are thus also compatible with these results.

Incomes from the sold timber represent the essential source of profits for forestry
entities. In order to provide for the economic efficiency of their business activities, the
timber sale earnings must cover all the costs associated with providing sustainable forest
management and at the same time generate appropriate profit. Knowing the factors
influencing the timber price development, as well as being able to implement them into
the economic planning are becoming a necessary condition for survival of the business
entities in the current turbulent environment.

Time series modelling gives background information on past timber price
development and a framework for modelling expert knowledge. Timber price models for
different timber assortments can be used in the optimization calculations of forest
management planning (Leskinen and Kangas 2001).

In the future, it will be necessary to concentrate on the new sectors that are of
interest to the forestry industry (carbon sequestration, carbon trade, renewable energy
resources). For the wood processors it will be necessary to concentrate on developing the
process of new products based on wood and investing in technology (Gejdos and Potkany
2017). In the future, the timber prices can be affected by the planned introduction of
indirect subsidies for forest ecosystem services. Forestry entities will no longer have to
rely on logging at the utmost limits of logging possibilities. This situation can be,
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however, influenced significantly by global climate change and the increased intensity of
incidental fellings.

An additional factor that can influence the situation is the possibility of a partial
change in the wood species composition of forests and changes in the assortment
structure.

These models have been shown to be suitable for short-term to medium-term
predictions and are an integral part of planning and management in forestry. However,
other tools should be investigated and tested for long-term planning.

CONCLUSIONS

1. Information on the timber prices represents a key management tool for forestry
entities for optimal valuation of produced timber. The results have shown that the key
factors influencing the timber market and timber prices essentially are of random
nature and can occur at any time. The global economic crisis and some specific
conditions of markets in individual countries (e.g. unfavorable long-term contracts)
had the largest influence.

2. The stochastic model ARIMA with autocorrelation coefficient seems to be the most
accurate for predicting the future development. Prediction of the future timber price
development made by this model can be considered the most probable one.
Nevertheless, the analysis of the past development of prices using the information on
their development is inevitable for the future predictions. In addition, information on
the local business relationships and forest logging potential in individual countries is
important, too.

3. In Slovakia, many entities disregard these activities, causing them to lose a certain
part of their competitiveness. Analysis of the price developments in the selected
countries confirmed that all global factors reflected the price level trends
approximately equally in all countries; however, the price levels for every country are
different.

4. The results of predicting the timber prices from any prediction model will be
influenced by incidental events, which can often reach disastrous parameters. In the
near future, for instance, the timber market in the Central Europe will be influenced
significantly by the outbreak of bark beetles in the Czech Republic or windthrows in
Italy or Austria.

ACKNOWLEDGMENTS

The authors are grateful for the support of the Slovak Ministry of Education,
Science, Research and Sport of the Slovak Republic; Slovak research and development
agency, Grants: KEGA Nr. 013TU Z-4/2017 E-learning teaching modules focused on
fast-growing tree plantations, KEGA Nr. 013TU Z-4/2018 Innovation methods in
teaching of financial management, VEGA Nr. 1/0570/16 Mathematical modeling of
specific risk management in forest land, VEGA Nr. 1/0031/18 Optimization of
technological and work processes and risk assessment in the production of forest biomass

Gejdos et al. (2019). “Predicting wood prices,” BioResources 14(2), 2995-3011. 3007



PEER-REVIEWED ARTICLE b | oresources.com

for energy purposes; APVV-16-0297 Updating of anthropometric database of Slovak
population.

REFERENCES CITED

Abildtrup, J., Helles, F., Holten-Andersen, P., Larsen, J. F., and Thorsen, B. J. (eds.)
(2012). Modern Time Series Analysis in Forest Products Markets, Springer Science
& Business Media, Springer Netherlands, DOI: 10.1007/978-94-011-4772-9

Anonymous. (2000-2017). Hozmarktbericht der Landwirtschaftskammer Osterreich,
Holzkurier. 1-52.

Bailey, W., and Chan K. C. (1993). “Macroeconomic influences and the variability of the
commaodity futures basis,” J. Financ. 48, 555-573. DOI: 10.1111/j.1540-
6261.1993.tb04727.x

Baltagi, B. (2011). Econometrics, Springer Verlag, Berlin Heidelberg, Germany. DOI:
10.1007/978-3-642-20059-5

Brown, R. G., and Meyer R. F. (1961). “The fundamental theory of exponential
smoothing,” Oper. Res. 9, 673-685.

Brunette, M., and Couture, S. (2013). “Risk management behaviour of a forest owner
against growth risk,” Agricultural and Resource Economics Review 42(2), 349-364.
DOI: 10.1017/5106828050000441X

Brunette, M., Holécy, J., Sedliak, M., Tuéek, J., and Hanewinkel, M. (2015). “An
actuarial model of forest insurance against multiple natural hazards in fir (Abies alba
Mill.) stands in Slovakia,” Forest Policy Econ. 55, 46-57. DOI:
10.1016/j.forpol.2015.03.001

Buma, B., and Livneh, B. (2015). “Potential effects of forest disturbances and
management on water resources in a warmer climate,” Forest Sci. 61(5), 895-903.
DOI: 10.5849/forsci.14-164

Carmona, R. (2014). Statistical Analysis of Financial Data, 2" Edition, Springer-Verlag
New York, NY. DOI: 10.1007/978-1-4614-8788-3

Cipra, T. (1986). Analyza Casovych Rad s Aplikacemi v Ekonomii [Analyses of time
series with applications in Economy]. Alfa — publishers of technical and economy
literature, Prague, Czech Republic, pp. 246.

Czech national bank. (2017). “Exchange rate of the Czech national bank,”
(http://www.cnb.cz/cs/financni_trhy/devizovy_trh/kurzy devizoveho_trhu/prumerne_
mena.jsp?mena=EUR), accessed 29. December 2017.

Czech statistical office. (2017). “Price index in forestry,”
(https://www.czso.cz/csu/czso/indexy-cen-v-lesnictvi-surove-drivi-2-ctvrtleti-2017),
accessed 29. December 2017.

De Vries, W., Posch, M., Simpson, D., and Reinds G. J. (2017). “Modelling long-term
impacts of changes in climate, nitrogen deposition and ozone exposure on carbon
sequestration of European forest ecosystems,” Sci. Total Environ. 605, 1097-1116.
DOI: 10.1016/j.scitotenv.2017.06.132

Elliot, G., and Timmermann, A. (eds.). (2013). Handbook of Economic Forecasting. SET
2A-2B. Elsevier Science, Burlington, MS.

Fama, E. F., and French K. R. (2016). “Commodity futures prices: Some evidence on
forecast power, premiums, and the theory of storage,” in: The World Scientific

Gejdos et al. (2019). “Predicting wood prices,” BioResources 14(2), 2995-3011. 3008



PEER-REVIEWED ARTICLE b | oresources.com

Handbook of Futures Markets. pp. 79-102. DOI:
http://lwww.worldscientific.com/doi/abs/10.1142/9789814566926 0004.

Forboseh, P. F., Brazee, R. J., and Pickens J. B. (1996). “A strategy for multiproduct
stand management with uncertain future prices,” Forest Sci. 42, 58-66.

Forestportal. (2017). “Forestry trade information system,”
(https://www.forestportal.sk/lItis), accessed 29. December 2017.

Gejdos, M., and Potkany M. (2017). “Prediction and analysis of slovakian timber trade on
global market conditions,” Serbian Journal of Management 12(12), 283-291. DOI:
10.5937/sjm12-11228.

Gong, P. (1999). “Diversification of harvest decisions for evenaged stand management,”
J. Forest Econ. 5, 123-138.

Hanewinkel, M., Cullmann, D. A., Schelhaas, G. J., Nabuurs, G. J., and Zimmermann, N.
E. (2013). “Climate change may cause severe loss in the economic value of European
forest land,” Nat. Clim. Change 3, 203-207. DOI: 10.1038/nclimate1687

Hértl, F., and Knoke, T. (2014). “The influence of the oil price on timber supply,” Forest
Policy Econ. 39, 32-42. DOI: 10.1016/j.forpol.2013.11.001

Hatrék, M. (2007). Ekonometria [Econometrics]. Wolters Kluwer (lura Edition),
Bratislava, Slovakia, 502 p.

Holécy, J., and Hanewinkel, M. (2006). “A forest management risk insurance model and
its application to coniferous stands in southwest Germany,” Forest Policy Econ. 8,
161-174. DOI: 10.1016/j.forpol.2004.05.009

Holt, C. C. (1957). Forecasting Seasonal and Trends by Exponentially Weighted Moving
Averages. ONR Memorandum, Vol. 52, Carnegie Institute of Technology, Pittsburgh.
Available from the Engineering Library, University of Texas, Austin.

International chamber of Commerce. (2017). “Incoterms (2010) — English edition,”
(https://iccwbo.org/resources-for-business/incoterms-rules/incoterms-rules-2010/),
accessed 3. October 2017.

Johnston, C. M. T., and Withey, P. (2017). “Managing forests for carbon and timber: A
Markov decision model of uneven-aged forest management with risk,” Ecol. Econ.
138, 31-39. DOI: 10.1016/j.ecolecon.2017.03.023

Kangas, J., Alho, J. M., Kolehmainen, O., and Mononen, A. (1998). “Analyzing
consistency of experts” judgments — Case of assessing forest biodiversity,” Forest Sci.
44(4), 610-617.

Kangas, J., Leskinen, P., and Pukkala, T. (2000). “Integrating timber price scenario
modeling with tactical management planning of private forestry at forest holding
level,” Silva Fenn. 34(4), 399-409. DOI: 10.14214/sf.621

Kirchner, M., Schénhart, M., and Schmid, E. (2016). “Spatial impacts of the CAP post-
2013 and climate change scenarios on agricultural intensification and environment in
Austria,” Ecol. Econ. 123, 35-56. DOI: 10.1016/j.ecolecon.2015.12.009

Kostadinov, F., Holm, S., Steubing, B., Thees, O., and Lemm R. (2014). “Simulation of a
Swiss wood fuel and roundwood market: An explorative study in agent-based
modeling,” Forest Policy Econ. 38, 105-118. DOI: 10.1016/j.forpol.2013.08.001

Kouba, J. (2013). “Control to the conversion process towards the stochastically defined
normal forest by the linear and stochastic programming,” Lesnictvi 35, 1025-1040.

Kozuch, A., and Adamowicz, K. (2016). “Effect of costs incurred on the development of
non-productive forest functions on the economic situation in forest districts in the
Regional Directorate of the State Forests in Krakow,” Sylwan 160(12), 1010-10109.

Gejdos et al. (2019). “Predicting wood prices,” BioResources 14(2), 2995-3011. 3009



PEER-REVIEWED ARTICLE b | oresources.com

Leskinen, P., and Kangas, J. (1998). “Modelling and simulation of timber prices for
forest planning calculations,” Scand. J. Forest Res. 13(4), 469-476. DOI:
10.1080/02827589809383008

Leskinen, P., and Kangas, J. (2001). “Modelling future timber price development by
using expert judgments and time series analysis,” Silva Fenn. 35(1), 93-102. DOI:
10.14214/sf.606

Malinen, J., and Kilpeldinen, H. (2013). “Price systems for standing sales of industrial
roundwood in Finland,” Balt. For. 19(2), 307-315.

Malinen, J., Haring, M., Kilpeldinen, H., and Verkasalo, E. (2015). “Comparison of
alternative roundwood pricing systems — A simulation approach,” Silva Fenn. 49(3),
1293. DOI: 10.14214/sf.1293

Merganic, J., Merganicova, K., Marusak, R., Tipmann, L., Salek, L., Dragoun, L., and
Stolarikova, R. (2016). “Relation between forest stand diversity and anticipated log
quality in managed Central European forests,” International Journal of Biodiversity
Science, Ecosystem Services & Management 12(1-2), 128-138. DOI:
10.1080/21513732.2016.1150883

Mutanen, A., and Toppinen, A. (2007). “Price dynamics in the Russian—Finnish
roundwood trade,” Scand. J. Forest Res. 22, 71-80. DOI:
10.1080/02827580601138207

National bank of Slovakia. (2017). “Exchange rate of the Slovak national bank,”
(http://www.nbs.sk/sk/statisticke-udaje/kurzovy-listok/kurzovy-listok/priemerne-
mesacne-kurzy-usd-a-eur-v-skk-kumulativne) accessed 29. December 2017.

Nemec, F., Lorincova, S., Hitka, M., and Turinska, L. (2015). “The storage area market
in the particular territory,” Nase More 62(3), 131-138. DOI: 10.17818/NM/2015/S18

Nochai, R., and Nochai, T. (2006). “Arima model for forecasting oil palm price,”
Proceedings of the 2nd IMT-GT Regional Conference on Mathematics, Statistics and
Applications, Universiti Sains Malaysia, Penang, June 13-15, 7p.

Pukkala, T., and Kangas, J. (1996). “A method for integrating risk and attitude toward
risk into forest planning,” Forest Sci. 42(2), 198-205.

Quintero-Mendez, M. A., and Jerez-Rico, M. (2017). “Heuristic forest planning model
for optimizing timber production and carbon sequestration in teak plantations,”
IForest. 10, 430-439. DOI: 10.3832/ifor1733-009

Stangle, S. M., Bruchert, F., Heikkila, A., Usenius, T., Usenius, A., and Sauter, U. H.
(2015). “’Potentially increased sawmill yield from hardwoods using X-ray computed
tomography for knot detection,” Ann. For. Sci. 72(1), 57-65. DOI: 10.1007/s13595-
014-0385-1

Stimm, K. (2012). Zum Einfluss des Energiepreises auf das Energieholzangebot
[Influence of energy prices on fuel wood offer]. Master’s thesis, Technical University
Munich, Institute of forest Management, Freising-Weihenstephan, Germany.

Suchomel, ., Gejdos, M., Ambrusova, L., and Sulek, R. (2012). “Analysis of price
changes of selected roundwood assortments in some Central Europe countries,” J.
For. Sci. 58(11), 483-491.

Timah, E. A., Ajaga, N., Tita, D. F., Ntonga, L. M., and Bongsiysi, I. B. (2008).
Demographic pressure and natural resources conservation. Ecol. Econ. 64(3), 475-
483. DOI: 10.1016/j.ecolecon.2007.08.024.

Vass, M. M. (2017). “Renewable energies cannot compete with forest carbon
sequestration to cost-efficiently meet the EU carbon target for 2050,” Renew. Energ.
107, 164-180. DOI: 10.1016/j.renene.2017.01.034.

Gejdos et al. (2019). “Predicting wood prices,” BioResources 14(2), 2995-3011. 3010



PEER-REVIEWED ARTICLE b | oresources.com

Vettorazzi, C. A., and Valente, R. A. (2016). “Priority areas for forest restoration aiming
at the conservation of water resources,” Ecol. Eng. 94, 255-267. DOI:
10.1016/j.ecoleng.2016.05.069.

Avrticle submitted: November 9, 2019; Peer review completed: January 13, 2019; Revised
version received and accepted: February 18, 2019; Published: February 25, 2019.
DOI: 10.15376/biores.14.2.2995-3011

Gejdos et al. (2019). “Predicting wood prices,” BioResources 14(2), 2995-3011. 3011



